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“Stallone ’s most underrated movie ever”

more precise than , but:

models typically insensitive to
underlying syntactic functions
(SUBJ, OBJ etc.)

Word representations crucial for generalization in NLP
Capture similarity in structure and meaning

Latent variable tree model (≈Input-Output HMM)
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The magic happens beneath oak trees
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Advantage of simple over HMMs not yet confirmed
Performance (no syntactic functions) ≈ Brown clusters

state-splitting | pre-initialization | prefer sparse solutions | continuous instead of one-hot
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