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gold\system None TeCP TeRP

None 575 17 294

TeCP 41 52 36

TeRP 89 9 612

Diagnosing errors of an end-to-end segment CNN (Luo et al. 2018)

False negatives: e.g. predicted None, correct TeCP
“ a_hip_ultrasoundTEST due to breech_presentationPROBLEM of twins”

Confusables: e.g. predicted TeCP, correct TeRP
“during initial_evaluationTEST for a coronary artery bypass graft , 80% to 90% of the_right_coronary_artery_stenosisPROBLEM was found”

False positives: e.g. predicted TeRP, correct None 
“a_ct_abdTEST showed 8mm obstructing stone, hydro with stranding consistent with pylonephritisPROBLEM”

Architecture and setup

Results
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Large gains are obtained when incorporating semantic classes to capture relation triggers
Little improvement observed with PMI and Drugbank information
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